Optical Character Recognition

Fine-tuning the pretrained model for specific scenarios
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OCR Technical
Challenge

Algorithm Layer
Scale size
background interference
Variety of fonts
Multiple languages
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OCR Cutting-edge
Algorithm

= ] Text Detection

= Regression-based Text Detection

. 200 400 600 800 1000 1200
= Text Detection Based on

Segmentation

= 2 Text Recognition 109] 4 v "
/'  PRESTIGE $1.7K
= RNN CALLED $5
= CRNN
n mm - | PpOT $12
Sequence2Sequence O CHRE > i
L K& 24

2/3/08 4 Trustees Presentation —




Trustees Presentation 2/3/08 5

OCR Structure
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DBNet
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CRNN
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Transcription
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